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Predictive Analytics

The first step to improving performance is to understand the community 

you serve and your constituents. Standard KPI’s and reporting doesn’t take 

advantage of today’s business intelligence capabilities and big data analysis. 

Nor does conventional wisdom based on the experience of the good ole days.



2
™ White Paper - Predictive Analytics

© 2017 CaptureNet. All Rights Reserved.

The landscape for self-pay accounts receivable management is changing profoundly as a result of healthcare 

reform. These changes are being felt in hospital business offices across the country, prompting PFS professionals 

to scramble to address increases in the volume of private pay balances…status quo workflow processes simply 

cannot keep pace with the change.

The solution begins with a look outside traditional internal and self-pay vendor approaches, to the business world, 

outside of healthcare…even to Google and Walmart.

The first step to improving performance is to understand the community you serve and your constituents. 

Standard KPI’s and reporting doesn’t take advantage of today’s business intelligence capabilities and big data 

analysis. Nor does conventional wisdom based on the experience of the good ole days.

Starting with just two years of historical accounts receivable data it’s possible to build hospital specific predictive 

models that expose and weight attributes unique to your community. These attributes can be used to intelligently 

guide the design of workflow activities that materially improve overall 

self-pay performance. 

Analytics proves all guarantors are not created equal, and identifies granular segments of guarantors’ behavioral 

patterns and the relative likelihood of individual patients to pay. The key to improved recovery is to use the derived 

data intelligence to drive the development of effective workflow processes that target guarantors individually. 

“The first step to improving performance is to 
understand the community you serve 

and your constituents.“

Connecting the Dots: 
Understanding new best practices

for active self-pay recovery
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Predictive analytics is data mining technology that uses your historical data to build a predictive model specialized 

for your Community. This process learns from your healthcare system’s collective experience by leveraging your 

existing accounts receivable and payment history, behavior and demographics. The wisdom gained is encoded 

as the predictive model itself . Predictive modeling software development has computer science at its core, 

undertaking a mixture of number crunching, trial, and error.

Predictive analytics can generate business rules that may make clear sense, or sometimes with a complex formula 

that is hard to decipher. Generally, simple, more intuitive model do not perform prediction as well. 

“Combining multiple predictors into a model 
improves results.

Creating this model is the very purpose of 
predictive analytics.“

Predictive analytics’ central building block is the predictor, a single 

value measured for each customer. For example, payment history, 

based on past payment activity…patients with a history of paying 

their healthcare bills have a higher value than patients with a 

history of not paying their bills. This predictor is a reliable attribute 

of who will likely pay their bills in the future. That means that if 

you rank your guarantors and workflow efforts in order of payment 

history, you will improve recoveries—and be able to tailor workflow 

activities to boost patient engagement efforts.  
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Combining multiple predictors into a model improves results. Creating this model is the very purpose of 

predictive analytics. Using formulas, also known as algorithms, it is possible to combine two predictors, 

which may be as simple as adding them together. If both payment history and non-FICO Credit Score influence 

the chance that a guarantor will pay, a good predictor may be:

Payment History + non-FICO Credit Score

The result is a new, improved predictor. If Payment History is twice as important, it should have twice the weight:

2 x Payment History + non-FICO Credit Score

An equation such as this that combines predictors is called a model -- in the case of the summation above, a linear 

model. For this reason, predictive analytics is also called predictive modeling.

Other predictive models include business intelligence rules, such as:

If the customer is rural, and her balance due is high, 
then the customer will probably pay.

If it is found that urban guarantors with low non-FICO Credit Scores take longer to pay their balances and are at 

greater risk of not paying, then the rule-based model may be expanded with a second rule:

If the guarantor is urban, and his balance is high, 
then the guarantor will probably not pay.

The right combination of predictors will perform better prediction by considering multiple aspects of guarantors 

and their behavior. To match the complexity of guarantor behavior, a predictive model must be much richer and 

more complex than the above examples, combining dozens, if not scores of predictors.

The real trick is to find the best predictive model. This is a difficult problem, since there are so many options and, 

for each kind of model, there are all the weights or rules or other mechanics that determine precisely how the 

predictors are combined. In fact, there are so many choices, it is literally impossible for a person to try them all 

and find the best one.
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Finally, you need solid proof that the model is a good one. A recovery curve (shown below) estimates the 

recoveries from a workflow process guided by predictive analytics. The recovery this curve predicts depends 

on the ranking of your guarantors by a predictive model. 

The effectiveness of the predictive ranking is clear. With no predictive model and no means to rank guarantors, 

there may be reduced recovery, as shown by the black line. Given this state of affairs, the rise (and eventual fall) 

of the upper recovery line is a testimony to how well the model predicts.

A careful combination of predictors performs better recovery efforts by considering multiple aspects of guarantors 

and their behaviors. Predictive analytics finds the right way to combine predictors by building a model optimized 

according to your own data.

Building predictive analytics models requires not only expert mathematical knowledge, but also expertise in the 

overall Patient Financial Services business process.

To learn more about how predictive analytics can drive your self-pay processes,

please visit www.capturemore.net or contact Steve Reid at sreid@capturemore.net


